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Urban Green

Aerial view of detached and multi-storey houses
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Urban Green
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,classic’ LU/LC classification as a
starting point for QoL analysis

Results for a subset in the southern part of Salzburg




> ,classic way: remote sensing-based
percentages (green or sealed etc.)

Greenness expressed as
100*100m raster cells




Factors contributing to ,perceived green’

green index percentage of multi- distance between
storey buildings buildings
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[ 1low density
[ Imoderate density

I high density
[ ]no multi-storey building

ZGIS

.- [ Jlow influence

[ ]moderate influence
- I high influence
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Indices calculated for ~ 13




Crowdsoureed Data Correlating Crowdsourced Data,
Soeial Media and VGI Subjective Observations and

Objective Measurements
r

Data

Subjective Observations 3 Management &
People as Sensors App !

Objective Measurements
Wearable Sensors

\

,urban emotions”

Acquisition of Context-Depending Urban Human Emotions Extracting Emotional Information
(),
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T. Jekel et al. (Eds.) GI_Forum 2015 - Geospatial Minds for Society, Wichmann, pp. pending.
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= Wristband or chest belt

= Measurands: skin conductance,

body temperature, additional heart rate,
heart rate variability, ...

= Detection of emotional spikes
and stress levels = calibration!

= Just benchmarking sensors
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Recent analysis

sad
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—> Different ‘citizn-ased_’ approach?

- - The particular combination of quantifiable information
and transparent and repeatable spatial analysis with
interview-based — subjective information
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